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Participatory sensing is becoming an effective and cheap tool for Best-Match Algorithm

monitoring environmental phenomena. | | | |
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Participatory sensing is about crowdsourcing

sensory information via sensors carried by
ordinary people (i.e. non-experts).

Sensor information includes air quality, noise,
radiation levels, light, humidity and gas
concentration.
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Best-Match is up to 75% better than the state-of-the-art
greedy algorithm and significantly faster.
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